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H B Academia.edu, 'Development of proxy models for petroleum reservoir simulation: a systematic literature review and state-of-the-art'
https://www.academia.edu/44346638/Development_of proxy models for petroleum reservoir_simulation_a_systematic_literature review_and state-of-the-art

19



B2: ¥ EHD(1) STE I X FHEIE

B —MATR/EBY, XM=y F o - NEEWTHE - &8I hdbkEDr Ial—3
VEITEET S

B Oo0X ETNFIEOETAYER—I I L —& &Y b KBICERG HEEETIIER Y LSN—LT
TERAIMMNEEREDFELH S)

Haf: Li, Z. et al., 'Fourier Neural Operator for Parametric Partial Differential Equations'(arXiv:2010.08895, 2020) https://arxiv.org/abs/2010.08895
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